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Generative graphics technologies should be seen as a group of different types 

of systems (not just one technology). Generally, the term "generative" has come to 

mean any system that uses some form of input (such as a picture) to generate 

additional forms of content (e.g., another picture). Examples of such systems include 

Generative Adversarial Networks (GANs), Diffusion Models, Procedural Systems, 

etc [2]. In addition to being able to generate large amounts of possible designs or 

images, most of today's generative interface systems have inherited their interaction 

paradigms from Pre-Gen procedural systems. However, all of today's GenAI 

systems have added a layer of text-based input to enable designers to specify what 

they want the system to generate [3]. 

Additionally, the ability of generative systems to assist in divergent thinking 

allows them to generate numerous possibilities very quickly; find novel 

relationships between different elements of a problem space; and provide designers 

with ways to combine disparate references. A study on CreativeConnect discovered 

that the use of generative systems resulted in increased creative ideation among 

participants (i.e. finding key words in reference images, producing more ideas) [1]; 

however, the results were not entirely positive: an experimental study demonstrated 

that the use of AI-generated image support resulted in users having longer fixations 

on an initial example, reduced variety of ideas, and reduced levels of originality[10]. 

Therefore, the actual value of generative tools lies in enabling designers to conduct 

structured exploratory activities plus providing them with opportunities for managed 

serendipity. For instance, when creating a poster identity, a designer may develop a 

number of semantic directions using the same brief; then he/she/they will 

deliberately determine whether there is an unanticipated motif that is worth 

developing further instead of simply choosing the first plausible output provided by 

the system. 
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Finally, generative systems have a substantial influence on how designers 

make visual decisions. As opposed to designing one hand-crafted solution and 

iteratively modifying it until it meets their expectations, designers can currently 

explore multiple potential solutions through the iterative process of testing different 

hypothetical compositions; testing stylistic theories; and testing different color 

palettes through the methodically developed processes of prompt engineering and 

refinement. Studies on text-to-image prompting have shown that the resulting 

outputs are heavily influenced by both the subject matter of the text prompt and the 

style vocabulary contained in the prompt; additionally, studies on co-prototyping 

have shown that designers' prompts, examples and output constraints become part 

of the emergent design language of design teams [6]. Therefore, designers' decisions 

regarding composition, color palette and typography are increasingly made based 

upon the specifications of constraints defined during the early stages of the design 

process; subsequently, the designer selects and edits down the output produced by 

those constraints. Additionally, designers are evaluating design options based upon 

a broader set of metrics including: novelty; feasibility; degree of specificity; degree 

of impact; level of usability/workability; quality of the final output; robustness; and 

alignment with target user workflows. [5] Another example includes packaging 

design where various label styles/moods can be developed from the same brand 

brief; subsequently evaluated against tone, legibility and market suitability. 

These changes affect how both the designer's role and way of thinking about 

projects are changing. The designer is taking on an increasing number of roles 

(curator of references, author of prompts, and editor of machine proposals) in 

addition to being responsible for the decision making [7]. Methodologically 

speaking the new brief will need to have clearer semantic goals, more defined 

reference bounds, and specific evaluation criteria; the scope of what constitutes 

"research" will expand to include precedent studies, data sets, and provenance 

concerns; the nature of prototyping will shift towards being "content centric"; and 

iteration will become a loop of providing input for the generative tool(s), comparing 

output to expectations, revising based on comparisons, and then documenting all 

iterations [5]. Therefore ethical considerations and authorship rights issues will need 

to take center stage instead of the periphery. 

The U.S. Copyright Office has stated that human authorship is necessary for 

obtaining copyrights. Further they state that works created by a combination of 

humans and AI that contain over a de minimis amount of content generated by AI 

should clearly disclose this information and also detail the human contribution [8]. 

Additionally UNESCO has emphasized transparency, fairness and human oversight 
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when using these technologies [9]. For designers and educators there are two 

important implications from these statements. First it is imperative that designers 

receive instruction in AI literacy, strategies for creating effective prompts, rubrics 

for evaluating outputs generated by AI, and documentation practices regarding 

disclosures in addition to learning the traditional design principles of hierarchy, 

contrast and meaning-making. 

Generative technology can serve as creative support tools to help facilitate 

rapid exploration and iterative refinement of ideas, but cannot replace good design 

judgement. The effective use of these technologies in graphic design is contingent 

upon maintaining human authorship; documenting process decisions; and teaching 

designers to critically assess AI-generated output in comparison to the original 

design brief, intended audience, and relevant ethics. 
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